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Abstract 

Assignment Problem corresponds with the product distribution between demand points and supply points. Many 
algorithms were suggested to find the optimal result. The purpose of this study is to propose an appropriate model to 
explore the solution to the assignment problem. This paper focuses on Hungarian Method. This study has conducted 
a detailed case study to find a feasible solution to the assignment problem. The computational outcomes suggested 
that Hungarian Method provides an optimal solution and can handle any complex scenario. The findings of this study 
can be used as a reference for decision-makers to mitigate production-related risk and adapted to sustainable market 
changes. 
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1. Introduction
In today's world, where critical upgrades in the assignment of items from various sources to various destinations are 
required, the assignment of an appropriate vehicle has become a focus for organizations. (Xiang et al. 2021). Drivers 
waste an average of approximately 107 hours in a year due to huge traffic on the road and pay around $2243 per year 
for not assigning vehicles to the appropriate parking place (Woodyard 2018). Drivers' failure to estimate the right 
assignment of vehicles which costs more than $20 billion or $97 per driver in a year only in the USA (McCoy 2017). 
A review which is funded by the World Bank, assessed a yearly financial expense of a queue of cars of around 47 billion 
LE (8 billion USD) in the "Greater Cairo Region” in 2010, bringing about a per capita cost of about 2400 LE (400 
USD). Such expense is assessed to be approximately 15% of the total per capita GDP (Nakat, Herrera, and Cherkaoui 
2013).  

Furthermore, a bottleneck is a congested area in a manufacturing system (such as an assembly line or a computer 
network) that causes the system to stop or move very slowly. Inefficiencies in the bottleneck frequently result in delays 
and higher production costs. Bottlenecks can disrupt the flow of the manufacturing process and significantly increase 
the time and cost of production. Bottlenecks are more likely to occur when a company begins the production process 
for a new product. This is due to the possibility of process issues that the company must identify and resolve; this 
condition necessitates additional examination and fine-tuning. Controlling the production process, anticipating potential 
bottlenecks, and devising effective solutions should be the primary concern of any company. One of the most common 
causes of bottlenecks is the failure to assign the appropriate machine to the appropriate location. This consequence 
signifies assignment problems that create an obstacle to provide many commodities in the right place on time. To put 
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light on this unbearable situation this study is analyzing a comparison of assignment problems while considering the 
minimization of the total cost of supplying and fulfilling the demand.  
 
The main focus of this study is to create an optimal solution to an assignment problem and provide an illustration of 
an appropriate approach. This paper is organized as: section 2 summarizes the literature review. Section 3 explains 
the proposed methodology whereas section 4 describes the conclusion along with recommendations for further 
research. 

 
2. Literature Review 
Many practitioners and researchers used the Hungarian method in the past to solve assignment problems (Kuhn 1955); 
(Chopra et al. 2017). The existing Hungarian method for solving unbalanced assignment problems is based on the 
assumption that some jobs should be assigned to dummy or pseudo machines, but those jobs are left unexecuted by 
the dummy machines in the Hungarian method. However, it is sometimes impractical in real-world situations. 
(Rabbani, Khan, and Quddoos 2019) proposed a modified 'Hungarian method' for solving unbalanced assignment 
problems without leaving any job unexecuted.  The method works by finding rows with just one zero and crossing out 
the other zero for each respective column. The stepwise algorithm for the proposed methodology is developed and 
programmed in Java SE 11. Afterward, the proposed method is compared with three other methods, and it is shown 
that it yields the best results. (Kumar 2006) proposed a method to solve the unbalanced assignment problem that is 
capable of solving the unbalanced problem by assigning all jobs to the machine in an optimal way. This method divides 
the unbalanced matrix into several balanced submatrices, which are subsequently solved using the Hungarian method. 
This method has a drawback in that it often fails to provide a minimal total cost. Instead of using polynomial 
complexity, (Iampang, Boonjing, and Chanvarasuth 2010) introduced a new cost and space-efficient solution for 
unbalanced assignment problems. This approach uses linear space complexity. The proposed method offers a lower 
optimal cost than (Kumar 2006) according to an experiment with 100,000 cost matrices. For the unbalanced 
assignment problem, (Wang et al. 2021) developed a graph-based twin cost matrices method with an improved ant 
colony optimization algorithm. It can solve assignment problems uniformly, whether they are balanced or unbalanced, 
constrained or unconstrained. The twin cost matrices with independent pheromones correlate AP (Assignment 
problem) and TSP (Travelling Salesman Problem). The mutation method makes it easier to get to the optimal solution 
by reducing the likelihood that the ant colony may fall in the local optimum. According to experiments the method 
produces superior outcomes when compared to other existing methods. 
 
A study on hospital layout design remodeling was undertaken as a Quadratic Assignment Problem (QAP) with 
geodesic distances, which is a configurational problem that results in inefficient transportation operations for patients, 
medical personnel, and material logistics (Cubukcuoglu et al. 2021). The internal transportation processes between 
interrelated facilities are minimized by renovating existing hospitals using Computer-Aided Design (CAD). 
Homayouni and Fontes (2021) addressed an extension of the flexible job shop scheduling problem by considering that 
jobs need to be moved around the shop floor by a set of vehicles which involves assigning each production operation 
to one of the alternative machines. In this study, mixed integer linear programming model was utilized for the problem 
and showed efficiency at solving small-sized instances to optimality. A furthermore study has been conducted on the 
neural graph-matching network. A QAP network directly learns with the affinity matrix (equivalently the association 
graph) whereby the matching problem is translated into a constrained vertex classification task is presented in another 
study (Wang, Yan, and Yang 2022). The embedding network approach is used to achieve and even exceed state-of-
the-art graph matching and QAP solvers with a significantly reduced time cost. For the well-known QAP, (Dokeroglu, 
Sevinc, and Cosar (2019) introduced hybrid Artificial Bee Colony (ABC) optimization techniques. The robust tabu 
search approach is used to model bee exploration and exploitation activities. And, from the QAPLIB library, 125 of 
134 benchmark issue instances are solved optimally, with a 0.27% variation indicated for 9 big problem cases that 
could not be handled optimally. 
 
Xiang and Liu (2021) integrated berth allocation and quay crane assignment problem considered uncertainties in the 
late arrival of ships and inflation of container quantity which is based on historical data. A robust model has been 
formulated with a weighted max penalty function. With the help of the decomposition method, the problem is solved 
by containing a deterministic master problem and a stochastic sub-problem. The applied method showed that it can 
handle the uncertainties more that the robust, deterministic which has the terms of total expected cost, total vessel 
delays, and utilization rates of the berth and quay crane and making it the most attractive one. Another study has been 
started considering an airport gate assignment problem that assigns a set of aircraft to a set of gates (Karsu, Azizoğlu, 
and Alanlı 2021). This study determined to make aircraft gate assignments that would work to minimize the total 
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walking distance traveled by the passengers. With the mixed-integer nonlinear programming model, it had been 
linearized and developed with bound algorithm, beam search, and filtered beam search algorithms. In this recent study, 
the facility layout problem (FLP) dealt with optimal assignments which helped to minimize the transportation cost 
(Hameed et al. 2021). It can be added to the hospital facility layout problem that targeted comprehensive clinics, 
laboratories, and radiology units. The proposed method of hybrid algorithm gathered the DDE and tabu search (TS) 
which was performed with implemented benchmark instances from the QAPLIB website. 42 optimal and 52 instances 
were found through the proposed method.  
 
Ngo et al. (2021) created a model for the assignment problem of scheduling classes of FPT University lecturers in 
Vietnam. Using a compromise programming approach, the model is transformed into a single objective model. 
Afterward, a genetic algorithm is provided for the model which can generate a calendar incorporating lecturer 
schedules while ensuring associated conditions. Based on differential evolution and self-adaptive multi-task particle 
swarm optimization (SaMTPSO), an effective Evolutionary Multi-task Optimization (EMTO) solver is designed in a 
study (Zheng et al. 2021). After that, the algorithm is used to resolve the weapon-target assignment problem on two 
test suites (MTO and WTA-MTO benchmark), and it is compared to other relevant algorithms to demonstrate the 
algorithm's viability in resolving WTA issues. In another paper, a study is undertaken on a storage assignment problem 
caused by a shortage of volume in container terminal yards, and a storage-sharing approach between container 
terminals and dry ports is proposed as a solution (Hu et al. 2021). A multiple-objective mixed integer programming 
model is developed, with the goals of lowering travel distance, balancing, and maximizing shared storage, and the 
problem is solved using the Non-dominated Sorting Algorithm II (NSGA-II). 
 
3. Methodology 
Assignment problem is a special case of transportation problem where each supply point should be assigned to a demand 
point and each demand point should be made. It is used in determining which employee and machine should be assigned 
to which job. To solve the assignment problem, the Hungarian method can be utilized.  

Assumptions: 

 The number of assignees and the number of tasks are the same. 

 Each assignee is to be assigned to exactly one task. 

 Each task is to be presented by exactly one assignee. 

 There is a cost Cij associated with assignee i (i=1,2,3,….,n), performing task j (j=1,2,3,….,n). 

 The objective is to determine how all n assignments should be made to minimize the total cost. 

 
3.1 Balanced Assignment Problem 
The balanced assignment problem is one in which the number of facilities and the number of jobs is equal. The 
objective is to assign jobs to machines for the least amount of money possible if there are "n" jobs to complete on "m" 
machines (i.e., one job to one machine) (or maximum profit). based on the idea that each machine is capable of 
carrying out every work, albeit with varying degrees of efficiency. Also, the following assumption must be considered: 

• m = n, which means jobs and machines are equal in numbers. 
• No job can be given to more than one machine. 
• There is a cost associated with each machine and job. 

The balanced assignment problem is solved using Hungarian method in the following steps given below. Table 1 
illustrates the initial matrix table of a balanced assignment problem. 

 
Table 1. Initial matrix table of a balanced assignment problem 

 

 1 2 3 4 5 

1 13 8 16 18 19 

2 9 15 24 9 12 
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3 12 9 4 4 4 

4 6 12 10 8 13 

5 15 17 18 12 20 

 
Since the matrix of table 1 is a square matrix, the problem is balanced. Table 2 to table 5 present the steps required to 
determine the appropriate job assignment to the machine. 
1. Subtracting the minimum element from all the elements in the respective rows, the new table will be: 

 
Table 2. Matrix table after step 1 

 

 1 2 3 4 5 

1 5 0 8 10 11 

2 0 6 15 0 3 

3 8 5 0 0 0 

4 0 6 4 2 7 

5 3 5 6 0 8 
 
Table 2 represents the matrix after completing the 1st step. 
 
2. Then subtract the minimum value from all values in the respective column. 
 

Table 3. Matrix table after step 2 
 

 1 2 3 4 5 

1 5 0 8 10 11 

2 0 6 15 0 3 

3 8 5 0 0 0 

4 0 6 4 2 7 

5 3 5 6 0 8 

 
Table 3 represents the matrix after completing the 2nd step. 
 
3. Draw a minimum number of horizontal and vertical values to cover all zeros. 

a. If N = n, n=order of matrix 

Then an optimal solution can be made 
b. If N<n, then go to the next step 
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Table 4. Matrix table after step 3 
 

 1 2 3 4 5 

1 5 0 8 10 11 

2 0 6 15 0 3 

3 8 
5 

0 0 0 

4 0 6 4 
2 

7 

5 3 5 6 0 8 

 
Table 4 represents the matrix after step 3. 
 
4. Determine the smallest uncovered element x. 

a. Write uncovered value = uncovered value-x 
b. Intersection value = intersection value+ x 
c. Line values (Other values) as same 

The number of lines drawn to cover zero is N = 4 < orders of matrix =5, so this is not the optimal result. Again 5. Go 
to step 3. 
 

Table 5. Matrix table after step 4 
 

 1 2 3 4 5 

1 5 0 5 10 8 

2 0 6 12 0 0 

3 11 8 0 3 0 

4 0 6 1 2 4 

5 3 5 3 0 5 

  
Table 5 shows that no of lines drawn to cover all zeroes = 5 and order of matrix = 5. Therefore, we can form an 
assignment. 
 

Table 6. Result of the balanced assignment problem 
 

Job Machine Cost 

1 2 8 

2 5 12 

3 3 4 

4 1 6 

5 4 12 
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Table 6 represents which machine is assigned for which job. 
 
To recapitulate, total cost = 8+12+4+6+12 =42 
 

 
Figure 1. The solved balanced assignment problem 

 
Figure 1 is the visual representation of the solution to the balanced assignment problem. 
 
3.2 Unbalanced Assignment Problem 
The current Hungarian method for resolving unbalanced assignment issues is predicated on the idea that some tasks 
should be delegated to dummy or pseudo-machines, The tasks delegated to the dummy machines are not carried out. 
One might be interested in running all the jobs on actual machines in real-world scenarios. In the unbalanced 
assignment issue, a special subclass of the transportation problem, the goal is to find the best distribution of the number 
of jobs (n) to the number of machines (m), where n ≠ m. The presumptions listed below are taken into account: 
 

• There are more jobs than machines, or n > m. 
• No job can be given to more than one machine 
• There is a cost associated with each machine and job. 

 
The unbalanced assignment problem is solved using Hungarian method in the following steps given below.   

 
Table 7. Initial matrix table of an Unbalanced Assignment Problem 

 
 1 2 3 4 5 

1 13 8 16 18 19 

2 9 15 24 9 12 

3 12 9 4 4 4 

4 6 12 10 8 13 

2333



Proceedings of the First Australian International Conference on Industrial Engineering and Operations 
Management, Sydney, Australia, December 20-21, 2022 

© IEOM Society International 

 
Since the matrix of table 7 is not a square matrix, the problem is unbalanced. A dummy job (job 5) has been added 
with corresponding entities zero to make it a square matrix. Table 9 to table 11 present the steps required to determine 
the appropriate job assignment to the machine. 
 

Table 8. The new matrix after adding a dummy row 
 

 1 2 3 4 5 

1 13 8 16 18 19 

2 9 15 24 9 12 

3 12 9 4 4 4 

4 6 12 10 8 13 

5 0 0 0 0 0 

 
Table 8 is the new modified matrix which is a balanced matrix after adding the dummy row to table 7. 
 
1. Subtracting the minimum element from all the elements in the respective rows, the new table will be: 

 
Table 9. Matrix table after step 1 

 

 1 2 3 4 5 

1 5 0 8 10 11 

2 0 6 15 0 3 

3 8 5 0 0 0 

4 0 6 4 2 7 

5 0 0 0 0 0 

 
Table 9 represents the matrix after completing step 1. 
 
2. Then subtract the minimum value from all values in the respective column. 
 

Table 10. Matrix table after step 2 
 

 1 2 3 4 5 

1 5 0 8 10 11 

2 0 6 15 0 3 

3 8 5 0 0 0 

4 0 6 4 2 7 

5 0 0 0 0 0 

 
Table 10 is representing the matrix after completing step 2. 

2334



Proceedings of the First Australian International Conference on Industrial Engineering and Operations 
Management, Sydney, Australia, December 20-21, 2022 

© IEOM Society International 

 
Table 11. Matrix table after 1st scanning 

 

 1 2 3 4 5 

1 5 0 8 10 11 

2 0 6 15 0 3 

3 8 5 0 0 0 

4 0 6 4 2 7 

5 0 0 0 0 0 
 
 
Table 11 is the matrix after 1st scanning. In this matrix, no of lines drawn to cover all zeroes = 5 and order of matrix 
= 5. So, we can form an assignment from this table. 
 

Table 12. Final table matrix 
 

 1 2 3 4 5 

1 5 0 8 10 11 

2 0 6 15 0 3 

3 8 5 0 0 0 

4 0 6 4 2 7 

5 0 0 0 0 0 

 
Table 12 is the final matrix table after completing all steps. 

 
Table 13. Result of the Unbalanced Assignment Problem 

 
Job Machine Cost 

1 2 8 

2 4 9 

3 3 4 

4 1 6 

5 5 0 

 
Table 13 represents which machine is assigned for which job. 
 
Therefore, the total cost = 8+9+4+6+0 =27 
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Figure 2. The solved unbalanced assignment problem 

 
Figure 2 illustrates the visual representation of the solution to the unbalanced assignment problem. 
 
6. Conclusion Future Recommendations 
Both balanced and unbalanced problems for allocating a task to a particular machine are taken into consideration in 
this study. To determine whether the approach is more feasible, the total cost for assigning those jobs is computed in 
both cases. Five jobs are divided among five separate machines in the balanced assignment problem. It was simple to 
allocate five jobs to five distinct machines because the number of machines and jobs are equal. However, because 
there are more jobs than machines in the unbalanced problem, a dummy row for the machine is inserted, and its cost 
is zero. By using the Hungarian Method, it can be demonstrated that the one task for the unbalanced problem that is 
given to machine 5 has no cost. Because of this, the overall cost of the unbalanced problem is lower, whereas the cost 
of the balanced problem is higher. Additionally, it can be seen that Jobs 1, 2, and 3 are assigned to the same machines, 
namely Machines 1, 3, and 4, for both the balanced and unbalanced methods. Job-4 and Job-5, however, have different 
machines assigned for both techniques due to that false row The second procedure is regarded as being more practical 
than the first since the total cost in the unbalanced problem is 27, which is significantly lower than the total cost in the 
balanced problem. However, because machine-5 is hypothetical, it has no associated costs; as a result, the overall cost 
is lower. In addition, job 5 cannot be assigned to a hypothetical machine; it requires a real machine. The Hungarian 
Method is therefore inaccurate for problems involving unbalance. However, a balanced problem is doable. A different 
approach, not the Hungarian Method as shown by the solved problem, can be used to discover the best solution to an 
unbalanced problem where the extra task can be sent to a real machine. 
 
References 
Chopra, Smriti, Giuseppe Notarstefano, Matthew Rice, and Magnus Egerstedt. 2017. “A Distributed Version of the 

Hungarian Method for Multirobot Assignment.” IEEE Transactions on Robotics 33(4):932–47. 2017. 
Cubukcuoglu, Cemre, Pirouz Nourian, M. Fatih Tasgetiren, I. Sevil Sariyildiz, and Shervin Azadi. 2021. “Hospital 

Layout Design Renovation as a Quadratic Assignment Problem with Geodesic Distances.” Journal of Building 
Engineering 44:102952, 2021. 

Dokeroglu, Tansel, Ender Sevinc, and Ahmet Cosar. “Artificial Bee Colony Optimization for the Quadratic 
Assignment Problem.” Applied Soft Computing Journal 76:595–606. 2019.  

Hameed, Asaad Shakir, Modhi Lafta Mutar, Haiffa Muhsan B. Alrikabi, Zakir Hussain Ahmed, Abeer A. Abdul-
Razaq, and Huda Karem Nasser. “A Hybrid Method Integrating a Discrete Differential Evolution Algorithm 
with Tabu Search Algorithm for the Quadratic Assignment Problem: A New Approach for Locating Hospital 
Departments.” Mathematical Problems in Engineering 2021. doi: 10.1155/2021/6653056. 

Homayouni, Seyed Mahdi, and Dalila B. M. M. Fontes. “Production and Transport Scheduling in Flexible Job Shop 
Manufacturing Systems.” Journal of Global Optimization 79(2):463–502. 2021. doi: 10.1007/s10898-021-

2336



Proceedings of the First Australian International Conference on Industrial Engineering and Operations 
Management, Sydney, Australia, December 20-21, 2022 

© IEOM Society International 

00992-6. 
Hu, Xiaoyuan, Chengji Liang, Daofang Chang, and Yue Zhang. “Container Storage Space Assignment Problem in 

Two Terminals with the Consideration of Yard Sharing.” Advanced Engineering Informatics 47:101224. 2021. 
doi: 10.1016/j.aei.2020.101224. 

Iampang, Anupong, Veera Boonjing, and Pisit Chanvarasuth. 2010. “A Cost and Space Efficient Method for 
Unbalanced Assignment Problems.” Pp. 985–88 in IEEM2010 - IEEE International Conference on Industrial 
Engineering and Engineering Management. IEEE. 

Karsu, Özlem, Meral Azizoğlu, and Kerem Alanlı. “Exact and Heuristic Solution Approaches for the Airport Gate 
Assignment Problem.” Omega (United Kingdom) 103:102422. 2021. doi: 10.1016/j.omega.2021.102422. 

Kuhn, Harold W., The Hungarian Method for the Assignment Problem.” Naval Research Logistics Quarterly 2(1‐
2):83–97. 1955 

Kumar, Avanish. “A Modified Method for Solving the Unbalanced Assignment Problems.” Applied Mathematics and 
Computation 176(1):76–82. 2006.doi: 10.1016/j.amc.2005.09.056. 

McCoy, Kevin. “Drivers Spend an Average of 17 Hours a Year Searching for Parking Spots.” Usa Today. 2017. 
Retrieved April 23, 2022 (https://www.usatoday.com/story/money/2017/07/12/parking-pain-causes-financial-
and-personal-strain/467637001/). 

Nakat, Ziad, Santiago Herrera, and Yassine Cherkaoui. “Cairo Traffic Congestion Study.” World Bank. 2013. 
Ngo, Son Tung, Jafreezal Jaafar, Izzatdin Abdul Aziz, and Bui Ngoc Anh. “A Compromise Programming for Multi-

Objective Task Assignment Problem.” Computers 10(2):1–16. 2021.doi: 10.3390/computers10020015. 
Rabbani, Quazzafi, Aamir Khan, and Abdul Quddoos. “Modified Hungarian Method for Unbalanced Assignment 

Problem with Multiple Jobs.” Applied Mathematics and Computation 361:493–98. 2019. doi: 
10.1016/j.amc.2019.05.041. 

Wang, Liuyi, Zongtao He, Chengju Liu, and Qijun Chen. “Graph Based Twin Cost Matrices for Unbalanced 
Assignment Problem with Improved Ant Colony Algorithm.” Results in Applied Mathematics 12:100207. 2021. 
doi: 10.1016/j.rinam.2021.100207. 

Wang, Runzhong, Junchi Yan, and Xiaokang Yang. “Neural Graph Matching Network: Learning Lawler’s Quadratic 
Assignment Problem with Extension to Hypergraph and Multiple-Graph Matching.” IEEE Transactions on 
Pattern Analysis and Machine Intelligence 44(9):5261–79. 2022. doi: 10.1109/TPAMI.2021.3078053. 

Woodyard, Chris. “New York City Is Costliest Place to Park in USA.” 2018. Retrieved April 23, 2022 
(https://content.usatoday.com/communities/driveon/post/2011/07/new-york-city-costliest-place-to-park-your-
car/1#.WWUoFoQrJdg). 

Xiang, Xi, and Changchun Liu. “An Almost Robust Optimization Model for Integrated Berth Allocation and Quay 
Crane Assignment Problem.” Omega (United Kingdom) 104:102455. 2021.  

Xiang, Ziquan, Jiaqi Yang, Xueheng Liang, and Muhammad Hamza Naseem. “Application of Discrete Grey Wolf 
Algorithm in Balanced Transport Problem.” Pp. 1312–18 in 2021 3rd International Academic Exchange 
Conference on Science and Technology Innovation, IAECST 2021. IEEE.  

Zheng, Xiaolong, Deyun Zhou, Na Li, Tao Wu, Yu Lei, and Jiao Shi. 2021. “Self-Adaptive Multi-Task Differential 
Evolution Optimization: With Case Studies in Weapon–Target Assignment Problem.” Electronics (Switzerland) 
10(23):2945. 2021.   

Biographies  
Shahriar Tanvir Alam is a lecturer in the Department of Industrial and Production Engineering at Military Institute 
of Science and Technology. He completed his Bachelor of Science in Industrial and Production Engineering from 
Military Institute of Science and Technology. His research appears in International Journal of Production Economics, 
Sustainable Production and Consumption, Supply Chain Forum: An International Journal, Results in Control and 
Optimization, International Journal of Services and Operations Management, SN Applied Science, and so on. His 
research interests include operations research, transportation network, logistics, and supply chain management. 

Eshfar Sagor is an undergraduate student in the Department of Industrial and Production Engineering at Military 
Institute of Science and Technology, Dhaka, Bangladesh. Her research interests include operations research, Product 
Design and Development, and logistics network. 

Tanjeel Ahmed is an undergraduate student in the Department of Industrial and Production Engineering at Military 
Institute of Science and Technology, Dhaka, Bangladesh. His research interests include operations research, Product 
Design and Development, and supply chain management. 

2337



Proceedings of the First Australian International Conference on Industrial Engineering and Operations 
Management, Sydney, Australia, December 20-21, 2022 

© IEOM Society International 

Tabassum Haque is an undergraduate student in the Department of Industrial and Production Engineering at Military 
Institute of Science and Technology, Dhaka, Bangladesh. Her research interests include operations research, Product 
Design and Development, and supply chain management. 

Md Shoaib Mahmud is an undergraduate student in the Department of Industrial and Production Engineering at 
Military Institute of Science and Technology, Dhaka, Bangladesh. His research interests include operations research, 
Product Design and Development, and supply chain management. 

Salman Ibrahim is an undergraduate student in the Department of Industrial and Production Engineering at Military 
Institute of Science and Technology, Dhaka, Bangladesh. His research interests include operations research, Product 
Design and Development, and supply chain management. 

Ononya Shahjahan is an undergraduate student in the Department of Industrial and Production Engineering at 
Military Institute of Science and Technology, Dhaka, Bangladesh. Her research interests include operations research, 
Product Design and Development, and supply chain management. 

Mubtasim Rubaet is an undergraduate student in the Department of Industrial and Production Engineering at Military 
Institute of Science and Technology, Dhaka, Bangladesh. His research interests include operations research, Product 
Design and Development, and supply chain management. 

2338


	1. Introduction
	2. Literature Review
	3. Methodology
	3.1 Balanced Assignment Problem
	3.2 Unbalanced Assignment Problem
	6. Conclusion Future Recommendations
	References



