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Abstract 

 
Companies spend a lot of time and money training their employees, and when they leave, it hurts. When employees 
leave the company, it's important to know why they're leaving. An organization can't apply the same analytical method 
for each and every one of its employees, regardless of the industry or kind of business. We created two groups called 
cost leaders and differentiators to categorize firms based on strategy, structure, and uncertainty. In order to decrease 
employee turnover, cost leaders utilize 'predictive/prescriptive analytics, whereas differentiation leaders use 
'descriptive/diagnostic' analytics to do so. It is critical for HR Analytics to pay attention to the organization's strategy 
and structure. 
 
Keywords 
Organizational Strategy, HR Analytics, Employee Turnover.  
 
1. Introduction  
Official decisions have been more promising and precise as a result of the application of human resource analytics. 
For example, an essential approach for assessing staff retention rates for employee turnover is human resource 
analytics (HR analytics). It provides information to the organization about why employees leave and stay. For 
example, underperformance, rewards, a lack of competence, or something else may be at fault. Human resource 
analytics may also be beneficial in identifying areas where employees are having difficulty meeting their goals and 
objectives (Angrave et al., 2016, Olubusayo, 2020, Van Den Heuvel & Bondarouk, 2017).  
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Exit and stay interviews, employee surveys, and team evaluations are tools that human resources can utilize to uncover 
the underlying cause for employee turnover and design retention plans. We can identify the root cause of employee 
turnover in a cost leadership or differentiation-based business by employing the appropriate sort of analytics. 
Employee turnover costs firms thousands of millions of dollars each year and can be prevented. Using analytics, you 
can better anticipate the future over time (Kremer, 2018).  
 
1.1. Human Resource Analytics  
The Human Resource department at a business may have the worst reputation of any of the departments in the 
organization. In contrast to sales, human resources don't have a reputation for earning a lot of money or playing the 
numbers game. As a result, it is difficult for human resources to quantify and measure its performance, just for 
marketing and finance. In addition, many human resources work is based on "gut feeling," which is out of date.  
HR analytics has two functions combined: HR and analytics, as presented in figure 1 below.  
 

 
 

Figure 1. HR and analytics 
 

In business, the turnover rate refers to the percentage of employees who leave their company within a specific period 
of time. There are two categories of turnover: those who want to leave and those who are forced to leave. Workers 
who leave their positions voluntarily are referred to as voluntary turnover, whereas employees who are terminated or 
leave involuntarily are referred to as involuntary turnover (Chalutz Ben-Gal, 2019, Marler & Boudreau, 2016, 
Rasmussen & Ulrich, 2015). 
 
1.2 Organization Strategy 
Strategic planning and organizational strategy aren't just for big businesses anymore. Even a one-person business 
should take time to consider its strategy and create measurable targets. Organizing strategy is a sophisticated long-
term plan that outlines an organization's path to achieving its goals and vision.  
 
Hofer and Schendel (1978), Miles et al. (1978), Porter (1980), and others have all studied strategic typologies, or 
theories of various strategy styles, which have become a common subject of study in strategic management. 
 
Three fundamental tactics that organizations might employ to compete effectively in their particular marketplaces are 
outlined in Porter's Generic Competitive Strategies (Vishwakarma et al., 2019). These techniques, according to Porter, 
include low-cost leadership, differentiation, and focus methods, among others. Maintaining a low-cost leadership 
strategy involves a never-ending search for ways to reduce costs across the organization. Porter's general strategies 
include differentiating oneself from the competition. When a corporation seeks to differentiate itself from the 
competition, it provides its customers with a higher or unique value. When a company concentrates on a certain 
consumer group or target specialty, it is said to be in focus. Also emphasized is using a restricted competitive range 
within a given market (Mondal et al., 2016, Niraj Kumar Vishvakarma, 2016).  
 
Using a cost leadership strategy offers both benefits and cons when it comes to organizations. Cost leaders 
concentrated on efficiency and leveraged it as a competitive advantage in the cost reduction was driven business 
environment. On the other hand, small capital enterprises would be subjected to price wars as a result of high-priced 
competitors refusing to deal directly with a more lucrative competitor (Krittika et al., 2017). 

HR
ANALYTICS

HR
Human Resources is responsible of managing the
employee life cycle, which nvolves hiring, on
boarding,training, and termination.

ANALYTICS
Human Resources is responsible of managing the
employee life cycle, which involves hiring, on
boarding,training, and termination.
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In order to separate themselves from the competition, differentiation strategy-based organizations are focused on 
innovation and strive to offer distinctive products or services. Using superior quality, design, manufacturing line, 
customer service, after-sale service, advertising, or brand image, an organization attempts to gain a competitive edge 
over its competitors. End-to-end performance and excellent quality are fundamental components of differentiating 
characteristics. Using differentiating approaches can provide a variety of advantages that can assist you in carving out 
a distinct niche in your industry. It is also possible that differentiation is based on organizational structure. A 
company's performance is determined by factors such as its brand identity, competitive advantage in a particular 
market, goodwill, and customer loyalty (Krittika et al., 2017, Vishwakarma et al., 2019). 
 
1.3. Organizational Structure 
An organizational structure describes the way activities such as work distribution, cooperation, and supervision are 
oriented toward the achievement of the company's goals in order to achieve those goals. The structure of an entity 
determines its character and serves as the framework for processes and rules and regulations, and laws. Employees in 
conventional organizational structures are often arranged by position (for example, finance or operations), area, or 
product line, among other things. Structures that are less traditional are loosely knit and adaptable, allowing them to 
adapt quickly to constantly changing market settings and conditions (Chatterjee, 2014) . 
 
For the purposes of this research, we have concentrated on five significant elements of structure, namely 
standardization, centralization, formalization, specialization, complexity, and complexity of the workflow process. 
The structure may be found in any organization. It creates authority and communication points and the distribution 
and coordination of missions and resources, among other things. This study explores the systemic aspects of restaurant 
businesses that are most favorable to applying Porter's generic methods. Complexity, specialization, and centralization 
were the three qualities identified as being present in the system.  
 
The term "centralization" refers to the location of power for making decisions that influence the organization (Pugh 
et al., 1968). In the business world, specialization is defined as the amount to which a firm is skilled in its product 
development and service provision within an industry. The degree of differentiation that occurs within organizations 
is referred to as their level of complexity  (Fredrickson, 1986, Zheng et al., 2010). 
 
1.4. Relationship between organizational structure and strategy 
The link between organizational strategy and organizational structure must be thoroughly investigated. This assisted 
us in determining the character of an organization, whether it is formal, semi-formal, or informal, and how to best 
approach them. A structural feature that affects the choice of organizational structure is centralization, specialization, 
and complexity of workflow (Mondal et al., 2016, N. K. Vishvakarma et al., 2015).  
Centralization is prevalent in cost leadership companies since all workers work together. Differentiators have a high 
degree of complexity in their workflows since they are less rule-bound and emphasize interdepartmental 
subcommittees. In comparison to cost leaders, specialization is a weak differentiator since they are primarily focused 
on innovation. 
 
1.5. Uncertainty in Organization 
As environmental dynamism and unpredictability continue to grow, the world in which businesses operate will become 
more unpredictable. Management's primary responsibility will continue to be the development of techniques for 
reducing, absorbing, counteracting, or completely eliminating uncertainty (Jauch & Kraft, 1986). Because influential 
factors in the environment are interrelated, interdependent, and sophisticated, it is required to separate the environment 
for research. Uncertainty is defined as "the incapacity of a person to predict anything with precision"  (Miller, 1999). 
This may be owing to a lack of data, or it may be due to ambiguous and contradictory data (Gudykunst et al., 1987, 
Gudykunst & Nishida, 2009). (Gudykunst et al., 1987) asserted that external uncertainty arises from technological 
change and market shift, whereas internal uncertainty consists of uncertainty arising from organizational strategy and 
structure. 
 
When dealing with quality issues, management must also consider external influences (such as consumers, suppliers, 
competitors, and technology). Whether environmental uncertainty exists, where it comes from, and how large it is 
would have an impact on the firm's aims. Therefore, it is necessary to bring uncertainty into sharp focus. Technology 
uncertainty refers to the uncertainty around changes in the industry's technical resources and capabilities. 
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1.6 Analytics 
The world in which we live will continue to be driven by data. Analytics is the tool that today's employees use to 
integrate how their organization functions and identify areas that require improvement from a business standpoint. 
Data analytics is basically the key to sound decision-making since it gives important insight into whether or not a firm 
is moving in the right direction (Angrave et al., 2019, Fernandez & Gallardo-Gallardo, 2021).  
 
There are three main categories of analytics i.e., descriptive, predictive, and prescriptive. Descriptive analytics is 
concerned primarily with what has occurred in the past, and it makes use of fundamental analytics methods to 
comprehend facts, patterns, nature, and outcomes. In order to determine churn rates, hiring costs, and absenteeism, for 
example, descriptive analysis can be utilized. Predictive analytics is the second stage of research, and it entails making 
predictions about future actions and outcomes based on previous data (Kremer, 2018). Finally, prescriptive analytics 
is the process of achieving the greatest results while using the least amount of resources possible. When determining 
the most cost-effective alternative training investment for organizational success, assistance from linear programming, 
simulation techniques, statistical modeling, and implementation is required (Angrave et al., 2016, van den Heuvel & 
Bondarouk, 2017).  
 
An organization committed to cost leadership strives to offer products at the most affordable price. In order to offer a 
complete picture of how trends in the cost of items sold, operational expenses, transportation costs, labor costs, and 
inventory charges may vary in the future, predictive analytics can be applied. Example: We recently used analytics to 
construct a proof of concept for streamlining a client's workforce planning cycle, which was ultimately successful 
(Chalutz Ben-Gal, 2019).  
 
Differentiation is a technique employed by businesses that create customer value via the development of innovative, 
high-quality items that use technology and a distinct brand image that distinguishes them from their competitors. The 
most critical activity for a specific organization is to develop its brand image through segmentation or audience 
targeting. This may be established using descriptive analytics techniques, which investigate a variety of data such as 
site traffic, average dollar spent per customer, and how much a particular individual contributed to or detracted from 
the bottom line (Marler & Boudreau, 2016, Rasmussen & Ulrich, 2015). 
 
2. Research Gap 
Unwanted employee departures frequently result in significant direct and indirect expenses, therefore, even a slight 
reduction in employee turnover would result in significant savings, which any company's upper-level management 
would appreciate. Many scholars have put in significant effort in this area, as seen by  (Ballinger et al., (2016), and 
(G. Ballinger et al., 2011, G. Ballinger & Holtom, 2019) papers, which is important in terms of constructing factors 
around which predicting parameters such as efficiency and staff churning rate are built. However, the study 
conclusions were generated in a vacuum, with no action plan or road map for putting them into practice. 
 
Specifically, this article examined the elements that influence the implementation of analytics in a business setting. 
Using statistics, we sought to narrow our focus on the organization's high employee turnover rate. Following this, we 
utilized Porter's generic technique to identify firms that are cost leaders and differentiate themselves from their 
competitors. Finally, we took into account other significant characteristics such as organizational structure, 
organizational uncertainty, and so on. The majority of the papers deal with applying predictive analytics in employee 
turnover. They make extensive use of mathematical models that incorporate a great deal of data mining and machine 
learning. They successfully developed a model to predict employee turnover within a company.  
 
As opposed to constructing a predictive model without considering the essence (strategies and organizational 
structure) of an organization, in this paper, we concentrated on identifying the most appropriate analytics 
(Descriptive/Diagnostic/Predictive/Perspective) for a given organization. This study stresses how critical it is to 
understand the link between analytics and strategy, organizational structure, and the level of uncertainty present in a 
certain business. We are attempting to determine how various essential aspects such as centralization, specialization, 
complexity, readiness to adapt to abrupt changes in technology, government policy, and so on are in a given situation. 
To examine the influence of several factors on selecting the most effective analytics for predicting employee turnover 
in firms, we looked at efficiency, distribution, after-sales support, technical knowledge, product line, and competitive 
advantage.  
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3. Theoretical Framework 
Going through the detailed literature review, various hypotheses have been proposed in this paper. The theoretical 
framework in this paper has been developed after going through the literature related to HR, analytics, organizational 
strategy, and structure. This framework is taken from unpublished PhD thesis of Ms. Sonal Gupta who has developed 
this framework with her guide RRK Sharma. Ms. Sonal Gupta has already collected and analyzed data on international 
firms (in USA, UK and other European countries); whereas we present here data on Indian firms.  
 
 Descriptive analytics is concerned mostly with the historical record. The first step is to figure out what is going on 
most of the time. That is exactly what descriptive analytics is intended to do. The organization's goal is to gather 
information and statistics on who, what, when, and where it is happening. The excellent thing is that technological 
advancements will allow you to quickly get this knowledge. Next, assess the harm that has already been done in the 
domain of human resource management in order to determine the fundamental reason of higher turnover. Surprisingly 
(or perhaps not), it is not unusual for a single firm to analyze turnover in various ways, indicating a lack of ability to 
make fair comparisons throughout the organization. In order to begin, make certain that resignation rates are computed 
uniformly across all divisions and locations (if you have multiple offices). When going through the data presented by 
this metric, keep an eye out for the names of those who have resigned: Is it a standout performer in its field? Who are 
the senior executives in this organization? We may use study-based techniques, brainstorming, or simply checking for 
a core trend and data dispersion to discover and correct this problem. However, as you may be aware, the effectiveness 
of analytics is highly reliant on the organization's goals, whether they be to achieve cost leadership or to serve as a 
competitive differentiator. The following hypothesis is proposed as a result of our findings (Hussain & Lee, 2016, 
Kaur & Phutela, 2018, Williams, 2011).  
 
H1.a: Descriptive analytics is used in a differentiation strategy-based organization for employee turnover. 
H1.b: Descriptive Analytics is used in Cost leadership strategy-based organization for employee turnover. 
 
"What happened?" can be answered with diagnostic analytics. Using the information gathered in phase one, the 
organization will be able to draw some judgments about the current condition (descriptive analytics). A technology 
solution may make it possible to filter data in a variety of ways in order to identify new causes and relationships. For 
example, following your discovery that you have a retention problem, you may use workforce analytics to understand 
more about what is causing your employees to depart. Using the resignation rate as a starting point, do an analysis 
using a clustering method to determine what factors impact resignations, i.e., using performance indicators (significant 
qualities) to determine the likely cause behind special/uncommon behavior. You may successfully target and fine-
tune your retention strategy based on this information (and not intuition or anecdote). Instead of publishing specific 
metrics, such as salary ratio, advancement wait time, wage raises, tenure, results, and training opportunities, 
investigate how aspects such as salary ratio, advancement wait time, wage raises, tenure, results, and training 
opportunities affect resignations. Because you've discovered these correlations, you may be able to provide employees 
with the information or compensation they're searching for before they resign. As you may be aware, analytics is 
mainly dependent on the approach used by a firm, whether it is to implement a cost-cutting strategy or gain a 
competitive edge (DiClaudio, 2019, Margherita, 2021, Olubusayo, 2020). As a result, the following hypothesis is put 
forth: 
 
H2.a: Diagnostic analytics is used in a differentiation strategy-based organization for employee turnover. 
H2.b: Diagnostic analytics is used in Cost leadership strategy based organization for solving employee turnover 
problem. 
 
Predictive analysis is concerned with events that will occur in the future. What would the scenario be like if none of 
the relevant circumstances were to alter their behavior? Alternatively, if only one factor is changed, what impact would 
this have on the outcome? Organizations cannot and most likely will not make significant improvements all at once. 
They wish to make changes rationally and make the greatest possible use of their money resources. It also aids in 
accepting and embracing change by those who use it. Using this type of predictive analytics makes it possible to 
identify which employees are on the verge of resigning before they actually send in their resignation letters. There are 
some people who cannot be avoided, but keeping even a few essential jobs for longer than one year will result in 
significant savings. It is also possible that predictive analytics will find previously undetected connections between 
critical elements that drive employee turnover. A typical predictor variable is a pay. Other popular predictor variables 
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include promotion, performance evaluations, time spent at work, travel distance, and relationship with management 
(DiClaudio, 2019). HR teams and managers use it to create better timely interventions to help retain personnel based 
on the modeling outcomes (linear analysis, simulation analysis). According to what we know, some firms are 
concerned with cost reduction, while others are concerned with being innovators. Implementing a one-size-fits-all 
retention policy, as previously stated, is diametrically opposed to strategic human resource management. The 
following hypothesis is put forward: If you try to employ some sort of analytics without first knowing about strategy 
and structure, and organizational complexity, there's a good chance you won't get the most out of it (Angrave et al., 
2016, Kakulapati et al., 2020). 
 
H3.a: Predictive analytics is used in a Cost Leadership strategy-based organization for employee turnover. 
H3.b: Predictive analytics is used in differentiation strategy-based organization for employee turnover. 
With predictive analytics comes the question of "What should we be doing?" During the predictive analytics period, 
the organization takes into account all of its possibilities. During the prescriptive analytics process, decisions are made 
about what to do. As soon as you determine where you should focus your efforts, you can begin designing a 
solution based on your understanding of what drives key individuals away and what maintains them at your firm. This 
will be done through the use of an optimization and validation analysis. All of the elements that contribute to 
resignations are identified and ranked in real-time by the solution, enabling the implementation of initiatives to reduce 
the rate of resignations while also retaining high-performing or important staff. It has been demonstrated that the 
solution accurately predicts the likelihood that employees will retire when all relevant employee attributes are 
considered. Comparing resignation rates across locations, positions, tenure, age groups, diversity, and other groups 
can help you determine where to focus your program investments in order to maximize their impact. Stop and consider 
a more scientific approach to designing and implementing these solutions before rushing to introduce a new set of 
factors into your already complex workplace atmosphere (Lepenioti et al., 2020, Pape, 2016). Only in this way will 
you receive comprehensive assistance for what your organization truly requires: an effective retention problem 
solution. According to what we all know about prescriptive analytics, it is a more advanced kind of analytics, and 
applying it to a little issue would be inefficient in terms of money (Berk et al., 2019, King, 2016, Margherita, 2021, 
Pessach et al., 2020). Check if using prescriptive analytics in the organization to handle a key problem while remaining 
cost-effective is warranted, as some businesses are solely focused on cost minimization. There is a considerable 
probability that adopting prescriptive analytics will not be cost-effective if you don't first grasp the organization's 
approach before using it. Following as a result, the following hypothesis is put forth: 
 
H4.a: Prescriptive analytics is used in a Cost Leadership strategy-based organization for employee turnover. 
H4.b: Prescriptive analytics is used in differentiation strategy-based organization for employee turnover. 
 
All the hypotheses are depicted in the following table 1.  
 

Table 1. Summary of Hypotheses 
 

SN Hypothesis No. 
Analytical decision making 
Parameters 
No. 

Use  
by 
Cost leaders 

Use  
by 
Differentiators  

  
H1 

Descriptive Analytics ANA1 Low High 
  ANA2 Low High 
  

H2 
Diagnostic Analytics ANA3 Low High 

  ANA4 Low High 
  

H3 
Prescriptive Analytics ANA5 High Low 

  ANA6 High Low 
  

H4 
Predictive Analytics ANA7 High Low 

  ANA8 High Low 
 
4. Questionnaire development and Sampling 
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Reading the literature allows you to notice previous inferences from the same type of study, as well as what has and 
hasn't worked for other researchers in the past. It was decided that there would be four sections to the survey 
questionnaire for the study. People and firms who utilize HR Analytics to analyze employee performance were 
interviewed for this study, and the information was compiled. To ensure that no one who has no prior experience 
working in the business fills out the questionnaire, considerable care is required while acquiring data. In addition, 
researchers with a deep grasp of technology were able to link and fill in the blanks in the data. Cronbach's alpha is a 
measure of internal consistency, or how closely a set of things are connected to one another. It is used to determine 
the dependability of a scale's readings. The degree to which our study is stable and consistent is referred to as its 
validity. The alpha coefficient for all items in each section is more than 0.7, which indicates a data is internally 
consistent and valid.  
 
4.1. Data Analysis and findings 
There are several data analysis techniques have been used to analyze the data. They are presented as follows.  
 
K Mean Clustering 
It is the process of allocating data points to specific clusters based on their Euclidian distance (squared distance) from 
another data point and ensuring that items falling into the same cluster have the least amount of variance among them. 
This method employs the notion of decreasing intracluster case distance while increasing inter-cluster distance in order 
to get optimal results. On the basis of questionnaire items on organizational strategy and organizational structure 
aspects, such as specialization, centralization, and workflow complexity, clusters are constructed from the data 
obtained (using the k-means clustering approach) and used in the analysis. The centroid of each cluster is a collection 
of feature values that define the group as a whole. 
 
The evaluation of the means acquired on the various variables will aid in the categorization process even further. For 
example, firms that are cost leaders have a high degree of specialization and centralization while also having a low 
level of process complexity, nevertheless, the qualities of differentiators are diametrically opposed to those of cost 
leader organizations. The details of the clusters have been presented in the annexure.  
 
Independent Sample t-test 
The independent samples t-test is the most often used type of t-test (also known as the unpaired one). It facilitates the 
comparison of the means of two distinct groups. Independent sample t-tests require ordinal/nominal categorical 
variables. We isolated two distinct samples using the K-means clustering approach. These two independent samples 
were selected to represent two distinct strategic groups: cost leaders and differentiators. The dependent variable in our 
research is the ten dimensions of major analytical levels (Descriptive/Diagnostic & Predictive/Prospective) analyzed 
independently for each of the two samples. 
 
For independent samples t-test, the null hypothesis is that the two population means corresponding to each cluster are 
the same, i.e., there is no significant difference between groups. The Independent Samples t Test's null & alternative 
hypothesis (H1) can be represented in the following manner: 
 
H0: µ1 - µ2 = 0 ("There is no difference in means of different groups") 
H1: µ1 - µ2 ≠ 0 ("There is a difference in means of different groups ") 
 
Where the population means for groups 1 and 2 are 1 and 2, respectively. We have to choose a significance level that 
will be used to check out the viability of the hypothesis. Confidence interval is 95% , so value of significance level is 
most usually set to 0.05. 
 
We examined each of the independent t-assumptions test's and discovered that each is partially or totally feasible. The 
null hypothesis states that the mean values of dimensions across multiple analytics levels (i.e., dependent variables) 
are not significantly different for both independent clusters based on organizational strategy, cost leaders, and 
differentiators. Additionally, we can reject the null value. If there are significant differences in the mean values, either 
reject the hypothesis or accept the alternative hypothesis, i.e. two distinct strategic groups were analyzed separately 
for the dimensions of various analytics levels. Table 2 summarizes the t-test and other metrics that may be used to 
better efficiently evaluate the findings. 
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Table 2. t test for equality of means: 
 

 
S.No. 

 
Parameters 

 
t-test for Equality of Means 

Std. Error 
Difference 

95% CI Null 
Hypothesis 

t statistic df Sig. Mean diff. Lower Upper 

H1 ANA1 4.625 51 0.0 1.659 0.359 0.939 2.38 Rejected 

ANA2 4.791 51 0.0 1.783 0.372 1.036 2.53 Rejected 

H2 ANA3 5.095 51 0.0 1.759 0.345 1.066 2.453 Rejected 

ANA4 5.549 51 0.0 1.929 0.348 1.231 2.627 Rejected 

H3 ANA5 5.331 51 0.0 1.668 0.313 2.296 1.04 Rejected 

ANA6 4.025 51 0.0 1.381 0.343 2.07 0.692 Rejected 

H4 ANA7 4.001 38.954 0.0 1.458 0.364 2.195 0.721 Rejected 

ANA8 5.397 51 0.0 1.962 0.353 2.671 1.254 Rejected 

 
For hypothesis H1 concerning descriptive analytics identified by application of case study (V1) and brainstorming(V2) 
in organizations, Levene's test gives F values of 2.336 and 0.994 with a significance (p-value) of 0.133* and 0.346* 
respectively, indicating equal variance in both classes. The mean values of both variables ( V1 & V2) of descriptive 
analytics are higher for differentiators than cost leaders, i.e. µD > µCL (3.83 > 2.17) & (3.78 > 2.00) respectively 
which means differentiators use case study and brainstorming technique more frequently than cost leaders for 
predicting Employee turnover in their organization. V1 and V2 have t static values of 4.625 and 4.791, respectively, 
with a significance (p-value) of 0.000, indicating a substantial difference in means of both descriptively analytics 
variables between the two strategic classes namely differentiators and Cost leaders. As a result, the null hypothesis is 
rejected, and H1 (H1a and H1.b) is supported. From the Study, We inferred that Differentiators use descriptive 
analytics to predict employee turnover in a particular organization. For hypothesis H2 concerning diagnostic analytics 
identified by application of visualizing performance indicators to find reason behind specific pattern (V3) and 
significant attributes (V4) in organizations, Levene's test gives F values of 3.294 and 2.379 with a significance (p-
value) of 0.075* and 0.129* respectively, indicating equal variance in both classes. The mean values of both variables 
( V3 & V4) of diagnostic analytics are higher for differentiators than cost leaders, i.e. µD > µCL (3.83 > 2.07) & (3.70 
> 1.77), respectively which means differentiators use these technique more frequently than cost leaders for predicting 
Employee turnover in their organization. V3 and V4 have t static values of 5.095 and 5.549, respectively, with a 
significance (p-value) of 0.000, indicating a substantial difference in means of both diagnostic analytics variables 
between the two strategic classes, namely differentiators and Cost leaders. As a result, the null hypothesis is rejected, 
and H2 (H2a and H2b) is supported. From the Study, We inferred that Differentiators use diagnostic analytics to 
predict employee turnover in a particular organization. 
 
For hypothesis H3 concerning predictive analytics identified by application of predicting future(V5), application of 
simulation technique(V6), and identifying short to mid-term trends (V7) in organizations, Levene's test gives F values 
of 2.359,2.386 and 1.918with a significance (p-value) of 0.131*, 0.129* and 0.172* respectively, indicating equal 
variance in all classes. The mean values of all variables ( V5, V6 & V7) of predictive analytics are higher for cost 
leaders than differentiators, i.e. µCL > µD (4.23 > 2.57), (4.03 > 2.65) & (4.17 > 2.43) respectively which means Cost 
Leaders use this technique more frequently than a differentiator for predicting Employee turnover in their organization. 
V5, V6, and V7 have t static values of 5.331, 4.025, and 4.995 respectively, with a significance (p-value) of 0.000, 
indicating a substantial difference in means of all predictive analytics variables between the two strategic classes, 
namely differentiators and Cost leaders. As a result, the null hypothesis is rejected, and H3 (H3a and H3b) is supported. 
From the Study, We inferred that Cost Leaders use predictive analytics to predict employee turnover in a particular 
organization. 
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For hypothesis H4 concerning prescriptive analytics identified by application of recommending solution after 
analyzing data (V8), application of validation technique(V9), and optimization technique (V10) in organizations, 
Levene's test gives F values of 6.040,1.597 and 0.489 with a significance (p-value) of 0.017*, 0.212* and 0.488* 
respectively, indicating unequal variance for ANA8 and equal variance in ANA9 & ANA10. The mean values of all 
variables (V8,V9 & V10) of prescriptive analytics are higher for cost leaders than differentiators, i.e. µCL > µD (4.07 
> 2.61), (4.27 > 2.30) & (4.10 > 2.48) respectively which means Cost Leaders use these technique more frequently 
than differentiator for predicting Employee turnover in their organization. V8,V9 and V10 have t static values of 
4.001, 5.397 & 4.569, respectively, with a significance (p-value) of 0.000, indicating a substantial difference in means 
of all predictive analytics variables between the two strategic classes namely differentiators and Cost leaders. As a 
result, the null hypothesis is rejected, and H4 (H4a and H4b) is supported. From the Study, We inferred that Cost 
Leaders use prescriptive analytics to predict employee turnover in a particular organization. 
 
As a result of the preceding discussion, we may conclude that our research framework for this study is valid, as most 
of the hypotheses are supported. This supports our argument that type of Analytics used in an organization is highly 
dependent on the strategic orientation of the respective organizations. displays the summary of investigations of all 
developed hypotheses of our study (table 3, table 4 and table 5). 
 

Table 3.  Hypotheses Supported/Rejected 
 

 
S.No. 

Hypothesis 
No. 

Parameters  
Cost leaders 

 
Differentiators 

 
 
1 

 
 

H1 

 
Descriptive Analytics 

 
ANA1 

Low 
Supported 

High 
Supported 

 
ANA2 

Low 
Supported 

High 
Supported 

 
 
2 

 
 

H2 

 
Diagnostic Analytics 

 
ANA3 

Low 
Supported 

High 
Supported 

 
ANA4 

Low 
Supported 

High 
Supported 

 
 
 
3 

 
 
 

H3 

 
 

Predictive Analytics 

 
ANA5 

High 
Supported 

 
Low Supported 

 
ANA6 

High 
Supported 

 
Low Supported 

 
 
 
4 

 
 
 

H4 

 
 

Prescriptive Analytics 

 
ANA7 

High 
Supported 

 
Low Supported 

 
ANA8 

High 
Supported 

 
Low Supported 

 
5. Conclusion  
We learned that if a corporation pursues a cost-leader approach, it should employ Predictive/Prescriptive Analytics 
techniques to achieve success. To estimate future employee behavior, they utilize linear equation and simulation 
approaches to analyze historical data from employees who have left firms and forecast future behavior for existing 
employees. As a consequence, there will be less turnover among the workforce. It will boost the efficiency and profit 
of the firm while decreasing the company's loss. From the perspective of human resources, the most essential duty of 
a distinctive company is to ensure that its people have a work-life balance while still preserving its brand image. 
 
Description analytics approaches are used to examine a range of metrics such as an employee's efficiency, revenue 
per employee, how much skill an employee has in his or her field of interest, and how his or her behavior influences 
the behavior of other persons in the business. With the use of diagnostic analytics, we will discover the reasons why 
our key workers wish to leave our company.  
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Appendix 
 

Table 4. cluster analysis based on strategy 
 

Strategy Variable Cluster 1 Cluster 2 

STR1 4.594 2.050 

STR2 1.813 4.250 

STR3 1.844 4.100 

STR4 1.813 4.100 

STR5 1.781 4.050 

STR6 1.531 3.950 

STR7 4.281 1.850 

STR8 4.469 1.550 

STR9 1.563 4.000 

STR10 4.281 1.950 

STR11 1.969 3.250 

STR12 1.938 4.050 

STR13 1.875 3.950 

STR14 4.313 1.850 

STR15 4.516 1.950 

STR16 1.813 4.050 

STR17 1.344 3.100 

STR18 1.563 4.150 

STR19 1.538 4.200 

 
Table 5. Final cluster centers (means) for the structural variables 

 
Structure Variable Cluster1 Cluster2 

 
 

Centralization 

STRU1 4.813 1.619 

STRU2 4.688 1.667 

STRU3 4.531 1.619 

STRU4 4.438 1.571 

Specialization STRU5 4.063 1.81 

STRU6 4.406 1.476 

Proceedings of the 7th North American International Conference on Industrial Engineering 
and Operations Management, Orlando, Florida, USA, June 12-14, 2022

© IEOM Society International 65



 
 

Complexity Workflow 

STRU7 1.194 4.409 

STRU8 1.677 4.091 

STRU9 1.419 4.182 

STRU10 1.645 4.136 

STRU11 1.387 4.136 

STRU12 1.452 4.136 
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