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Abstract 
 

The rapid adoption of artificial intelligence in the last decade has transformed numerous sectors, including healthcare, 
manufacturing, finance, and logistics. As a foundational discipline supporting these industries, project management 
has significant potential to benefit from this technological evolution. In particular, deep learning, a subset of artificial 
intelligence, is transforming project management by equipping its practitioners with advanced analytical tools that 
enable data-driven decision-making, leading to improved efficiency, adaptability, and success. This study explores 
the state of the art of deep learning applications in project management, with a focus on the benefits and challenges, 
to identify knowledge gaps in utilizing these techniques to enhance project outcomes. Our findings highlight two 
primary knowledge gaps: first, the lack of empirical research exploring how deep learning integration is reshaping 
project managers' responsibilities, despite its growing adoption; and second, the limited application of artificial 
intelligence across all project phases, especially initiation and closure. While deep learning has the potential to 
improve overall project performance, challenges such as data integrity, ethical considerations, and model transparency 
remain unaddressed. Overcoming these obstacles requires closer collaboration between researchers and project 
managers to develop practical, specific solutions. In this context, this study emphasizes the need for further research 
to explore the full impact of deep learning techniques on project management and to bridge the identified gaps. 
 
Keywords  
Project Management, Artificial Intelligence, Machine Learning, and Deep Learning.   
 
1. Introduction 
In a world of relentless change, project management must evolve dynamically to tackle emerging economic, social, 
and technological challenges with precision and foresight. In this respect, artificial intelligence has emerged as a 
transformative force, with deep learning, showing remarkable potential for revolutionizing project management 
practices. Despite its promise, the incorporation of deep learning into project management remains a largely 
unexplored domain, with knowledge gaps obstructing its broader implementation. Additionally, challenges such as 
ethical considerations, may evoke apprehension among project managers, potentially leading to resistance against 
adopting these technologies. By analyzing these aspects, this study seeks to advance the understanding of how deep 
learning can be effectively utilized to improve the outcomes throughout the project lifecycle. 
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1.1 Objectives  
This research aims to review the literature on artificial intelligence, machine learning, deep learning, and project 
management, focusing on the application of deep learning throughout the project lifecycle. It examines the impact of 
deep learning on project management, highlighting both its benefits and challenges. Additionally, the study explores 
opportunities for its use and identifies knowledge gaps at the intersection of deep learning and project management. 
In this early phase, the research shares preliminary insights and early-stage observations into the application of deep 
learning in project management, the key research gaps identified, and suggests future research directions. 
 
2. Literature Review 
2.1 Introduction  
Artificial intelligence is often seen as a technology that replaces or challenges human labor. However, this study 
proposes a different view: artificial intelligence and humans can form a collaborative partnership, together enhancing 
outcomes in project management. The rapid advancements in artificial intelligence have unlocked new opportunities 
in this field. We conducted an analysis of 20 scientific articles that reveals a consensus on artificial intelligence's 
significant potential to enhance project management across various dimensions. Notably, deep learning, a subset of 
artificial intelligence, has demonstrated remarkable capabilities in analyzing complex datasets, predicting outcomes, 
and automating processes, thereby facilitating informed decision-making. However, it's also important to recognize 
that while combining human and artificial intelligence efforts can be effective, there are situations where artificial 
intelligence alone or humans alone outperform collaborative efforts.  
 
Therefore, understanding the contexts (such as a specific sector or a project phase) in which artificial intelligence-
human collaboration is most beneficial is crucial for optimizing project management outcomes. Only one article 
focused on a specific sector, the construction industry. It explores existing and potential deep learning applications in 
construction, including equipment management, design optimization, and structural defect detection. It discusses also 
pitfalls in adopting deep learning, such as biases, data limitations, the black box challenge and high initial costs. All 
the articles examined also address the limitations of artificial intelligence in project management, emphasizing several 
critical concerns, with ethical questions being the most recurrent. Specifically, it remains unclear how to ensure that 
artificial intelligence systems are implemented transparently and responsibly, maintaining human oversight to prevent 
biases and inaccuracies in decision-making processes. 
 
We focused for this paper on recent articles published between 2015 and 2024. Only three articles specified a time 
period, spanning from 2000 to 2024.  In addition, the distribution of authors' affiliations reveals a notable concentration 
in specific countries, particularly the US, playing a dominant role, as we can see in figure 1 below. 
 

 
 

Figure 1.  Distribution of authors' affiliations across various countries. 
 
The studies we examined did not target specific geographic regions, with the exception of one that focused on the 
United Kingdom and Europe. This particular study employed a mixed-methods approach, integrating both quantitative 
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and qualitative analyses, and categorized participants based on age, gender, and experience. The results revealed a 
significant positive correlation between the perceived utility of artificial intelligence and the complexity of projects 
undertaken. 
 
Among the 20 articles reviewed, 9 employed empirical data, 9 were based on theoretical frameworks, and 2 conducted 
a meta-analysis, highlighting a balanced and comprehensive approach to investigating the research topic.Before 
delving into the details, we would like to share some key insights that help set the stage for a deeper exploration of 
the subject. According to the World Economic Forum (2022), artificial intelligence could contribute up to $2.7 trillion 
annually in increased productivity across various sectors. However, while 75% of project management professionals 
acknowledge AI's potential, (Project Management Journal, 2023), only 20% currently integrate AI tools into their 
workflows. This highlights significant barriers to widespread adoption, which this literature review explores by 
focusing on the applications of deep learning in project management, as well as the trends, advantages, and challenges 
it introduces. 
 
Managing a project involves defining its objectives, planning and executing tasks, and monitoring progress from the 
initiation phase to closure. This process requires identifying allocated human and material resources, budget, and 
timelines. With this information, the project manager makes decisions to optimize efficiency, productivity, quality, 
and safety across all project activities and tasks. The final deliverable measures the project's success and validates the 
choices and decisions made by the project manager throughout the process. One of the reasons behind artificial 
intelligence emergence is this humanity's desire to mitigate future uncertainty, making informed choices and decisions 
supported by mathematical methods such as probabilities. For this mater, data is collected, analyzed, and processed. 
Subsequently, predictive models can be applied to determine the possibility of a future event occurring. This 
information represents the knowledge pursued by individuals using deep learning to make the best choices and 
informed decisions. In project management, this ability helps managers optimize project outcomes by anticipating 
challenges and adapting plans accordingly.  
 

    
 

Figure 2.  Artificial Intelligence in Project Management: Leveraging Deep Learning to Enhance Decision-Making 
 
Figure 2 illustrates the intersection of artificial intelligence, machine learning, and deep learning with project 
management, emphasizing the critical role of decision-making across all phases of the project lifecycle. To provide a 
contemporary context for these technologies, this review moves beyond traditional definitions and begins instead with 
recent quotes from relevant articles that capture the essence of each concept, reflecting the latest advancements in the 
field. Additionally, each artificial intelligence concept is linked to its application and relevance in the context of project 
management. 
 
2.2 Project Management  
Project Management is the application of knowledge, skills, tools, and techniques to project activities to meet the 
project requirements (Project Management Institute 2021). This quote highlights the core elements of project 
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management, that are essential for effectively managing a project and ensuring its success. This analysis will focus on 
the fundamental concepts outlined in the quote as a starting point for a deeper understanding.  
 

● Knowledge refers to the expertise needed to implement project management principles, including 
proficiency with methodologies, processes, and industry-specific best practices. 

 
● Skills are the capabilities needed to execute project tasks effectively, including leadership, communication, 

problem-solving, and decision-making, all crucial for managing teams and overcoming project challenges. 
 

● Tools encompass software, systems, and frameworks that support planning, scheduling, monitoring, and 
controlling project activities, such as project management software like Microsoft Project, and tools for risk 
management, budgeting, and resource allocation. 

 
● Techniques are the methods applied at various stages of a project, such as agile methodologies, critical path 

analysis, and risk assessment, to guide project activities. 
 
In summary, effective project management requires the cohesive application of knowledge, skills, tools, and 
techniques to ensure that tasks are completed on time, within budget, and to the required quality standards, while 
achieving the project's overall objectives. In this context, project managers increasingly seek support from artificial 
intelligence techniques to enhance decision-making, to improve project outcomes. 
 
2.3 Artificial Intelligence 
Artificial Intelligence can be described as a subfield of computer science that aims to create systems capable of 
performing tasks that typically require human intelligence, including reasoning, learning, and problem-solving 
(Ransbotham et al. 2021). These capabilities make artificial intelligence particularly valuable in project management, 
where complex decision-making, adaptability, and continuous learning are essential for success. 
 
Reasoning refers to artificial intelligence's capability to analyze information and make decisions based on historical 
trends using logic, patterns, or data, similarly to human decision-making processes. This ability is especially valuable 
in project management, where it helps identify the optimal course of action or assess various project alternatives. For 
instance, AI-powered scheduling tools can process multiple project variables to recommend optimal resource 
allocations or deadlines, helping project managers address the common challenges of time and resource constraints. 

 
Learning refers to artificial intelligence’s capability to adapt by processing data and continuously improving its 
performance. This ability enhances decision-making as more information becomes available, making artificial 
intelligence valuable for project managers dealing with evolving conditions. For example, AI-driven tools can analyze 
past project data, such as timelines, resource usage, and budget allocations, to improve future predictions. Over time, 
these systems become more effective at forecasting potential delays, resource shortages, or budget overruns, enabling 
project managers to proactively adjust plans and mitigate risks. 

 
Problem-solving refers to artificial intelligence’s potential to identify solutions to complex issues, such as resource 
allocation, risk management, or scheduling conflicts, all of which are critical aspects of project management. AI-
powered risk management systems can analyze a variety of project data, including team performance, resource 
utilization, and external factors, to identify potential risks. Based on this analysis, the system can suggest solutions 
such as reallocating resources or adjusting timelines, helping project managers mitigate risks and keep the project on 
track. These capabilities make artificial intelligence particularly beneficial in dynamic fields such as project 
management, where adaptability, effective decision-making, and ongoing learning are crucial to projects success. 

 
2.4 Machine Learning  
As defined by He and Xu (2022), machine learning is a branch of artificial intelligence focused on designing 
algorithms that can learn from and make predictions or decisions based on data. Below are some key points that 
highlight the value and impact of machine learning in project management, along with real-world examples: 
 
Data-Driven Insights: Machine learning can process vast amounts of data to uncover hidden patterns, offering 
valuable insights that inform project decisions. Amazon (2021) employs machine learning algorithms to examine past 
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project data and detect patterns that aid in improving inventory control and resource distribution. This approach helps 
keep projects on schedule by addressing possible delays in supply chain processes. 

 
Predictive Analytics: Machine learning's ability to forecast future events based on historical data is particularly 
beneficial in project management. Siemens (2021) leverages predictive analytics to anticipate potential risks in 
infrastructure projects, such as delays or shortages of resources, enabling project managers to take preventive actions. 
Artificial intelligence tools can forecast the demand for construction materials, helping to avoid delays and ensuring 
the project is completed on schedule. 

 
Improved Accuracy: Machine learning helps improve the accuracy of project predictions over time. For instance, 
Microsoft (2021) Project uses machine learning to refine estimates of project timelines, budgets, and resource 
requirements. As more data from past projects is incorporated, the system's predictive accuracy improves, giving 
project managers better insights into project needs and potential issues. 

 
Real-Time Decision-Making: AI-driven machine learning systems enable project managers to make data-driven 
decisions quickly. Procore (2021), a project management platform designed for the construction sector, utilizes 
machine learning to offer real-time insights into project advancement, risk elements, and resource utilization. This 
aids managers in making prompt decisions to prevent delays or inefficiencies. 

 
Automated Problem-Solving: Machine learning can help automate solutions to recurring project problems. Boeing 
(2021) uses machine learning algorithms to predict failures in production lines based on historical data, allowing 
project managers to address problems before they escalate. AI tools can also suggest immediate corrective actions, 
such as reallocating resources or adjusting timelines, keeping the project on track. 

 
Optimization of Project Timelines: Machine learning is widely used to optimize project timelines by analyzing past 
data and adjusting schedules to avoid delays. Tesla (2021) uses machine learning algorithms to streamline the 
manufacturing process, predict supply chain disruptions, and optimize production schedules, ensuring that projects 
stay on time and within budget. 

 
Customization for Project Types: Machine learning algorithms can be tailored to suit specific project types, ensuring 
more relevant insights and predictions. Autodesk (2021) BIM 360 uses machine learning to customize scheduling and 
resource allocation recommendations based on the unique needs of each construction project, offering optimized 
solutions for various types of projects, from small renovations to large-scale infrastructure development. 

 
Enhanced Collaboration: Machine learning can improve collaboration among team members by providing insights 
into project performance and resource use. SAP (2021) AI-powered project management tools help teams across 
various departments collaborate more effectively by automating data sharing, scheduling, and risk analysis, ensuring 
that project members can make informed decisions and work together more efficiently.This ability to analyze data and 
generate insights is increasingly applied in project management, where machine learning enhances decision-making, 
forecasts project outcomes, and optimizes resource allocation. With examples from companies like Amazon (2021), 
Boeing (2021), Siemens (2021), and Tesla (2021), it's clear that machine learning is a transformative tool in modern 
project management, driving efficiency, accuracy, and adaptability across industries. 
 
2.5 Deep Learning 
As defined by He and Xu (2022), deep learning is a subset of machine learning that uses neural networks with many 
layers to analyze complex patterns in large datasets, achieving high-level abstraction and predictive capabilities. 
Additionally, deep learning, as defined by LeCun et al. (2015), involves multilayer neural networks capable of 
extracting hierarchical representations from data, enabling the identification of complex patterns and relationships. 
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Figure 3. Deep Learning Key Components 
 
The figure 3 illustrates the key elements of neural networks and their training mechanisms. Neural networks consist 
of multiple layers of interconnected neurons, where each neuron processes a portion of the input data and passes it to 
the next layer. This step-by-step data refinement is similar to how various stages of project management help refine 
strategies and decisions to drive project success. Activation functions introduce non-linearity to the model, enabling 
it to recognize complex patterns, much like how project managers adapt to uncertainties and complexities. Without 
activation functions, the network would be limited to simple, linear relationships, much like a rigid, one-size-fits-all 
approach in project management that can be ineffective in dynamic conditions. The model is trained by adjusting 
connection weights using backpropagation (which fine-tunes the model based on prediction errors) and optimization 
algorithms (which minimize errors by adjusting model parameters). This process reduces the gap between predicted 
and actual outcomes, similar to how project managers refine plans to mitigate risks and improve project success. 
Backpropagation can be compared to revisiting a project plan after setbacks to learn from mistakes, while optimization 
algorithms are like a coach guiding an athlete to fine-tune techniques for better performance. 
 

 
Figure 4.  Neural Network Architecture 

 
Figure 4 shows an example of the structure of a deep learning model, which is inspired by the way the human brain 
processes information. The power of deep learning lies in these hidden layers, which allow the model to learn complex 
relationships in the data, by adjusting weights and biases to recognize patterns and make predictions. By training on 
large amounts of data, the network becomes increasingly accurate in its ability to solve tasks, from image recognition 
to natural language processing. This structure, often referred to as a neural network, enables machines to perform tasks 
that were once thought to require human intelligence. 
 
 Although deep learning’s integration into project management is still emerging, its potential applications are 
transforming the project lifecycle, that includes, according to the PMBOK® Guide (2021), planning, execution, 
monitoring, and closure phases. It is interesting to understand in which phases of the project deep learning is currently 
applied, as this insight can guide its effective implementation and further enhance decision-making and efficiency 
across project management practices. Some papers focus on specific industries, for example, Akinosho et al. (2020) 
highlight the utility of deep learning in construction project management, particularly for cost estimation, scheduling, 
and anomaly detection. Similarly, Ransbotham et al. (2021) discuss artificial intelligence’s role in enhancing 
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predictive analytics for project timelines and resource allocation, areas where deep learning models excel due to their 
ability to analyze historical data and identify patterns. Deep learning offers significant benefits, including enhanced 
accuracy in forecasting and improved decision-making capabilities (He & Xu, 2022). For instance, deep learning 
models can predict potential delays and budget overruns with high precision, enabling proactive interventions. 
However, challenges such as data integrity, model transparency, and computational resource requirements remain 
significant barriers to its widespread adoption (Elghaish et al., 2021). 
 
The literature review indicates that deep learning holds a transformative potential for project management, particularly 
in areas requiring predictive analytics and automation. While foundational studies provide a strong theoretical basis, 
there remains a need for applied research to address practical challenges and explore underutilized phases of the project 
lifecycle. Future research should focus on developing transparent, efficient deep learning models tailored to project 
management and fostering collaboration between academia and industry. 
 
3. Methods  
In this early phase of the study, an exploratory literature review methodology was employed to investigate the 
applications of deep learning in project management. This approach is particularly suitable for emerging fields where 
structured studies are still limited, allowing for a broad exploration of key trends, challenges, and opportunities. The 
review aimed to identify areas where deep learning is applied and to uncover critical knowledge gaps in current 
research. 
 
3.1 Research Approach 
A qualitative approach was adopted to review existing literature and identify trends, gaps, and applications of deep 
learning in project management. 
 
3.2 Framework for Analysis 
To systematically analyze the literature, the following framework was utilized: 

● Literature Trends: Summarizing key themes and recurring topics within the body of research. 
● Categorization: Grouping applications of deep learning across different project lifecycle stages. 
● Critical Analysis: Assessing the benefits, challenges, and practical implications of deep learning methods. 
● Identification of Research Gaps: Highlighting areas of insufficient understanding or underexplored 

applications to guide future studies. 
 
4. Data Collection 
A comprehensive search was conducted using high-impact academic databases, including Google Scholar and Scopus. 
Keywords such as “Deep Learning and Project Management,” “Artificial Intelligence and Project Management,” were 
used to guide the search. To ensure the findings were recent and relevant, articles, conference papers, and industry 
reports published between 2015 and 2024 were prioritized. While no strict inclusion or exclusion criteria were set, 
studies that focused on the intersection of deep learning and project management were prioritized. The selected studies 
were reviewed for key themes, trends, benefits, challenges, and gaps, which were then synthesized to provide a 
comprehensive overview of the field. This approach allowed for a flexible, broad exploration of the literature while 
maintaining focus on the key aspects of deep learning’s application in project management. 
 
5. Results and Discussion 
The following section presents the key findings from the literature review, offering an analysis of the applications of 
deep learning in project management, followed by a discussion of their implications. 
 
5.1 Key Themes in Literature 
In order to provide a comprehensive overview of the current landscape of deep learning in project management, a first 
review of literature was conducted. This review involved analyzing seminal works such as those by He and Xu (2016), 
and others, who explore various dimensions of artificial intelligence and its integration into project management. From 
this extensive body of research, key benefits, challenges, and emerging trends of deep learning applications were 
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identified. These insights were then summarized in the table below, offering a structured synthesis of the most relevant 
topics discussed in the literature.  
 

 
 

Figure 5. Key Themes in Literature 
 
The summary in Figure 5 highlights both the transformative potential of deep learning in enhancing decision-making, 
efficiency, and predictive capabilities, as well as the challenges related to data integrity, model transparency, ethical 
considerations, and the need for specialized skills and resources. Having identified these key benefits and challenges 
we now turn to the practical applications of deep learning across the project lifecycle, where its ability to improve 
efficiency and decision-making is increasingly recognized. 
 
5.2 Deep Learning across a Project Lifecycle 
Deep learning has emerged as a transformative tool with applications across various phases of the project lifecycle, as 
demonstrated in Figure 6 below. Each phase can leverage the unique capabilities of deep learning, enhancing 
efficiency, accuracy, and insights.  
 

 
Figure 6.  Deep learning across a Project Lifecycle 

In this context, Nenni et al. (2024) discuss how AI-driven methodologies, including deep learning, can revolutionize 
project risk management throughout the project lifecycle.  Additionally, Uddin et al. (2024) provide a comprehensive 
survey of commonly used machine learning and deep learning algorithms for tackling project-related research 
challenges, emphasizing their potential in resource optimization and schedule forecasting. A study published in the 
Project Management Journal in 2024 by Müller et al. provides an empirical overview of artificial intelligence in project 
management, highlighting how deep learning can be applied for performance analytics and real-time tracking of 
project KPIs. Additionally, Dacre and Kockum (2022) review artificial intelligence’s applicability in project 
management, offering insights into how deep learning can be used to analyze lessons learned and improve future 
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projects. Research by Elghaish et al. (2021) explores the application of deep learning in construction site management, 
emphasizing its effectiveness in monitoring progress through visual data analysis. These studies collectively 
underscore the transformative potential of deep learning in project management, offering innovative solutions across 
various stages of the project lifecycle. 
 
5.3 Deep Learning Capabilities Overview 
Expanding on the principles and techniques of deep learning discussed earlier, this section examines its capabilities 
in project management. The figure 7 below illustrates the various deep learning capabilities that can enhance project 
management processes, such as decision-making, efficiency, and pattern recognition. It visually summarizes the key 
aspects of deep learning that contribute to its transformative potential in project management. 

 

 
 

Figure 7. Overview of Deep Learning Capabilities 
 
Deep learning also possesses other capabilities such as automatic feature extraction, handling large datasets, contextual 
understanding, and real-time processing, all of which contribute to its effectiveness in complex tasks like project 
management. 
 
5.4 Challenges in Applying Deep Learning to Project Management 
Despite its significant potential, deep learning faces several challenges that must be addressed for effective 
implementation in project management. While artificial intelligence enables project managers to improve decision-
making and optimize project outcomes through enhanced data analysis and predictive capabilities, challenges such as 
data integrity and model transparency remain critical obstacles. These issues must be addressed to ensure that deep 
learning models can be relied upon for accurate predictions and decisions. 
 

 
Figure 8. Deep Learning Main Challenges 

Additionally, significant specialized skills are required, as project managers must possess a deep understanding of 
artificial intelligence techniques to effectively implement and manage these systems. Moreover, the computational 
resources needed to run complex deep learning models can be a barrier, especially for smaller organizations or those 
with limited access to advanced technology. Implementing AI technologies also requires careful budget planning, as 
the costs can be substantial. Addressing these challenges will be key to fully realizing the potential of deep learning 
in project management. The figure 8 above illustrates these challenges.   
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5.5 Key Knowledge Gaps Identified 
This section addresses the primary objective of this study by identifying two key knowledge gaps that will guide our 
future research directions. 
 
First Key Knowledge Gap: Studies focus on the technical aspects of implementing deep learning models, data 
and algorithm development, often overlooking human factors. 
The current literature predominantly focuses on the technical aspects of deep learning implementation, including 
model development, data management, and algorithm performance, while largely overlooking the role of human 
factors. Specifically, there is limited research on how project managers perceive and interact with deep learning tools. 
As highlighted in the Project Management Journal (2023), "Despite advancements in DL applications, there is a 
paucity of research addressing the interaction between project managers and these technologies." This gap raises 
essential questions: How do project managers perceive deep learning tools? What barriers hinder the adoption of these 
technologies within project teams? Furthermore, Dacre and Kockum (2025) underscore the lack of empirical research 
examining how deep learning reshapes project managers’ responsibilities and decision-making processes. Ethical 
concerns also emerge, especially regarding accountability for decisions made with deep learning tools. For instance, 
in autonomous vehicles, accountability is unclear when machine-made decisions result in harm, a challenge that 
extends to project management. Who is responsible when deep learning algorithms guide project decisions that lead 
to unpredictable outcomes? Addressing these human factors and ethical issues will be key to advancing deep learning's 
practical applications in project management. 
 
Second Key Knowledge Gap: Deep learning's application across all project phases 
Despite the growing interest in artificial intelligence applications within project management, deep learning's role in 
the initiation and closure phases remains largely unexplored. As noted by the Journal of Project Management (2023), 
while AI has demonstrated potential in planning and execution, its application during early project stages, such as 
feasibility studies, stakeholder analysis, risk identification in initiation, and lessons learned in closure, has not been 
fully addressed. This gap offers an opportunity to explore how deep learning can support decision-making in these 
crucial phases, ultimately enhancing project success. Uddin et al. (2024) highlight the underutilization of deep learning 
in initiation and closure phases, even though it has proven effective in execution and monitoring. Advances in deep 
learning suggest potential solutions for complex problems such as resource optimization and risk management 
(Aggarwal et al. 2022), while Pereira et al. (2024) emphasize the need for cross-disciplinary collaboration to fully 
leverage artificial intelligence in project management. Addressing this gap could lead to more comprehensive artificial 
intelligence integration throughout the entire project lifecycle, improving overall project performance. 
 
 

 
Figure 9. Key Knowledge Gaps Implications 

The figure 9 above summarizes the potential consequences of deep learning limited understanding such as the 
underutilization of deep learning tools, the potential resistance from project managers, and the resulting missed 
opportunities for efficiency and innovation. It also emphasizes the need for interdisciplinary collaboration between 
data scientists and project management professionals to effectively integrate deep learning into project management 
practices and overcome these barriers. 
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6. Conclusion  
In conclusion, this research has successfully achieved its objectives by conducting a comprehensive literature review 
on artificial intelligence, machine learning, deep learning, and project management, with a particular emphasis on 
deep learning applications throughout the project lifecycle. The study provides a balanced analysis of the benefits, 
such as enhanced predictive capabilities, and challenges, including ethical considerations, associated with integrating 
deep learning into project management. This systematic approach has effectively identified trends and opportunities, 
demonstrating the framework's value in understanding deep learning's role in project management. 
 
Furthermore, the research has pinpointed knowledge gaps at the intersection of deep learning and project management. 
While the technical advantages of deep learning are evident, it is crucial to recognize the enduring importance of the 
human element. Deep learning models should be designed to complement leadership, team dynamics, and ethical 
considerations within project management. The future of the field will be characterized by a synergy between 
advanced artificial intelligence technologies and the invaluable expertise of project managers and their teams, ensuring 
that technological advancements are leveraged to drive project success. 
 
Two primary knowledge gaps have been identified, offering exciting opportunities for future research. Firstly, there 
is a pressing need to explore how deep learning can be more effectively applied across the entire project lifecycle, 
from initiation to closure. Secondly, understanding the human factors in the adoption of deep learning technologies 
within project management is essential. This includes examining how project managers interact with these 
technologies, the skills required for effective utilization, and the ethical and accountability issues involved. 
  
The unique contribution of this research lies in its systematic approach to categorizing deep learning applications by 
project lifecycle stages, providing a balanced analysis of benefits and challenges, and uncovering underexplored areas.  
This early-phase study shares preliminary insights and observations, as well as future research directions. The next 
step is to delve deeper into the scientific foundations of deep learning, focusing on various algorithm types and their 
practical applications in project management. This exploration aims to bridge existing knowledge gaps and contribute 
to the advancement of deep learning applications, fostering a harmonious integration of advanced artificial intelligence 
technologies with the indispensable expertise of project managers and their teams. 
 
References 
Aggarwal, R., Ugail, H., and Jha, R. K., "A Deep Artificial Neural Network Architecture for Mesh Free Solutions of 

Nonlinear Boundary Value Problems," Applied Intelligence, vol. 52, no. 1, pp. 1–22, 2022. 
Akinosho, T. D., Oyedele, L. O., Bilal, M., Ajayi, A. O., Davila Delgado, M., Akinade, O. O., and Ahmed, A., "Deep 

Learning in the Construction Industry: A Review of Present Status and Future Innovations," Journal of 
Building Engineering, vol. 32, p. 101827, 2020. 

Brunet, M., Müller, R., Miterev, M., and El Boukri, S., "Exploring the Connections Between Project Management 
Offices and Organizational Design," Project Management Journal, vol. 54, no. 1, pp. 3–19, 2023. 

Dacre, N., and Kockum, F., "Artificial Intelligence and Project Management: Empirical Overview," SAGE Journals, 
2023,Available:https://eprints.soton.ac.uk/492506/1/Dacre_Artificial_Intelligence_in_Project_Management
.pdf, March 15, 2025. 

Davahli, M. R., "The Last State of Artificial Intelligence in Project Management," arXiv preprint arXiv:2012.12262, 
2020, Available : https://arxiv.org/pdf/2012.12262, March 15, 2025. 

Elghaish, F., Matarneh, S. T., and Alhusban, M., "The Application of 'Deep Learning' in Construction Site 
Management: Scientometric, Thematic and Critical Analysis," Construction Innovation, vol. 22, no. 3, pp. 
580–603, 2021. 

Goodfellow, I., Bengio, Y., and Courville, A., Deep Learning, Cambridge, MA: MIT Press, 2016.  
He, K., Zhang, X., Ren, S., and Sun, J., "Deep Residual Learning for Image Recognition," Proc. IEEE Conf. Comput. 

Vis. Pattern Recognit. (CVPR), pp. 770–778, 2016M. E. Nenni, F. de Felice, C. de Luca, and A. Forcina, 
"How artificial intelligence will transform project management in the age of digitization: A systematic 
literature review," Management Review Quarterly, vol. 74, pp. 1–48, 2024. 

 
LeCun, Y., Bengio, Y., and Hinton, G., "Deep Learning," Nature, vol. 521, no. 7553, pp. 436–444, 2015. 
Mekki, H., L’Education Numérique et Informatique, 2nd Conference Media and Digital Literacy and the Future of 

Education, Fès, Morocco, November 30, 2024.  

214

https://eprints.soton.ac.uk/492506/1/Dacre_Artificial_Intelligence_in_Project_Management.pdf
https://eprints.soton.ac.uk/492506/1/Dacre_Artificial_Intelligence_in_Project_Management.pdf
https://arxiv.org/pdf/2012.12262


Proceedings of the 6th African International Conference on Industrial Engineering and Operations 
Management Rabat, Morocco, April 7-10, 2025 

© IEOM Society International 

Müller, R., Locatelli, G., Holzmann, V., Nilsson, M., and Sagay, T., "Artificial Intelligence and Project Management: 
Empirical Overview, State of the Art, and Guidelines for Future Research," Project Management Journal, 
vol. 55, no. 1, pp. 9–15, 2024. 

Pereira, L. F., Nobre, R., Dias, Á., Lopes da Costa, R., and Gonçalves, R., "Artificial Intelligence and Project 
Management: Exploring the Contributions and Implications," International Journal of Logistics Systems and 
Management, vol. 47, no. 4, pp. 432–467, 2024. 

Ransbotham, S., Candelon, F., Kiron, D., LaFountain, B., and Khodabandeh, S., "The Cultural Benefits of Artificial 
Intelligence in the Enterprise," MIT Sloan Management Review and Boston Consulting Group, November 
2021 

Skouri, A., Le Management des organisations, un défi pour la recherche en science de gestion, 4th International 
Conference on Research and Managerial Practices: What Reciprocal Contributions? Fès, Morocco, 
November 15-16, 2024. 

Taghzouti A. Manager de demain augmenté ou amputé à l’ère de l’IA: Collaboration en quête de sens ou rivalité ? 8th 
International Conference on Management of Organizations and Territories: New Perspectives in 
Management: A Plurality of Critical Views, Fès, Morocco, December 6-7, 2024. 

Uddin, S., Lu, H., and Yan, S., "Machine Learning and Deep Learning in Project Analytics: Methods, Applications 
and Research Trends," Production Planning & Control, vol. 35, no. 1, pp. 1–20, 2024. 

 
 
 
 

215


	In a world of relentless change, project management must evolve dynamically to tackle emerging economic, social, and technological challenges with precision and foresight. In this respect, artificial intelligence has emerged as a transformative force,...
	This research aims to review the literature on artificial intelligence, machine learning, deep learning, and project management, focusing on the application of deep learning throughout the project lifecycle. It examines the impact of deep learning on ...
	2. Literature Review
	Artificial intelligence is often seen as a technology that replaces or challenges human labor. However, this study proposes a different view: artificial intelligence and humans can form a collaborative partnership, together enhancing outcomes in proje...
	Therefore, understanding the contexts (such as a specific sector or a project phase) in which artificial intelligence-human collaboration is most beneficial is crucial for optimizing project management outcomes. Only one article focused on a specific ...
	We focused for this paper on recent articles published between 2015 and 2024. Only three articles specified a time period, spanning from 2000 to 2024.  In addition, the distribution of authors' affiliations reveals a notable concentration in specific ...
	The studies we examined did not target specific geographic regions, with the exception of one that focused on the United Kingdom and Europe. This particular study employed a mixed-methods approach, integrating both quantitative and qualitative analyse...
	Among the 20 articles reviewed, 9 employed empirical data, 9 were based on theoretical frameworks, and 2 conducted a meta-analysis, highlighting a balanced and comprehensive approach to investigating the research topic.Before delving into the details,...
	Managing a project involves defining its objectives, planning and executing tasks, and monitoring progress from the initiation phase to closure. This process requires identifying allocated human and material resources, budget, and timelines. With this...
	Figure 2 illustrates the intersection of artificial intelligence, machine learning, and deep learning with project management, emphasizing the critical role of decision-making across all phases of the project lifecycle. To provide a contemporary conte...
	Project Management is the application of knowledge, skills, tools, and techniques to project activities to meet the project requirements (Project Management Institute 2021). This quote highlights the core elements of project management, that are essen...
	● Knowledge refers to the expertise needed to implement project management principles, including proficiency with methodologies, processes, and industry-specific best practices.
	● Skills are the capabilities needed to execute project tasks effectively, including leadership, communication, problem-solving, and decision-making, all crucial for managing teams and overcoming project challenges.
	● Tools encompass software, systems, and frameworks that support planning, scheduling, monitoring, and controlling project activities, such as project management software like Microsoft Project, and tools for risk management, budgeting, and resource a...
	● Techniques are the methods applied at various stages of a project, such as agile methodologies, critical path analysis, and risk assessment, to guide project activities.
	In summary, effective project management requires the cohesive application of knowledge, skills, tools, and techniques to ensure that tasks are completed on time, within budget, and to the required quality standards, while achieving the project's over...
	Artificial Intelligence can be described as a subfield of computer science that aims to create systems capable of performing tasks that typically require human intelligence, including reasoning, learning, and problem-solving (Ransbotham et al. 2021). ...
	Reasoning refers to artificial intelligence's capability to analyze information and make decisions based on historical trends using logic, patterns, or data, similarly to human decision-making processes. This ability is especially valuable in project ...
	Learning refers to artificial intelligence’s capability to adapt by processing data and continuously improving its performance. This ability enhances decision-making as more information becomes available, making artificial intelligence valuable for pr...
	Problem-solving refers to artificial intelligence’s potential to identify solutions to complex issues, such as resource allocation, risk management, or scheduling conflicts, all of which are critical aspects of project management. AI-powered risk mana...
	2.4 Machine Learning
	As defined by He and Xu (2022), machine learning is a branch of artificial intelligence focused on designing algorithms that can learn from and make predictions or decisions based on data. Below are some key points that highlight the value and impact ...
	Data-Driven Insights: Machine learning can process vast amounts of data to uncover hidden patterns, offering valuable insights that inform project decisions. Amazon (2021) employs machine learning algorithms to examine past project data and detect pat...
	Predictive Analytics: Machine learning's ability to forecast future events based on historical data is particularly beneficial in project management. Siemens (2021) leverages predictive analytics to anticipate potential risks in infrastructure project...
	Improved Accuracy: Machine learning helps improve the accuracy of project predictions over time. For instance, Microsoft (2021) Project uses machine learning to refine estimates of project timelines, budgets, and resource requirements. As more data fr...
	Real-Time Decision-Making: AI-driven machine learning systems enable project managers to make data-driven decisions quickly. Procore (2021), a project management platform designed for the construction sector, utilizes machine learning to offer real-ti...
	Automated Problem-Solving: Machine learning can help automate solutions to recurring project problems. Boeing (2021) uses machine learning algorithms to predict failures in production lines based on historical data, allowing project managers to addres...
	Optimization of Project Timelines: Machine learning is widely used to optimize project timelines by analyzing past data and adjusting schedules to avoid delays. Tesla (2021) uses machine learning algorithms to streamline the manufacturing process, pre...
	Customization for Project Types: Machine learning algorithms can be tailored to suit specific project types, ensuring more relevant insights and predictions. Autodesk (2021) BIM 360 uses machine learning to customize scheduling and resource allocation...
	Enhanced Collaboration: Machine learning can improve collaboration among team members by providing insights into project performance and resource use. SAP (2021) AI-powered project management tools help teams across various departments collaborate mor...
	2.5 Deep Learning
	As defined by He and Xu (2022), deep learning is a subset of machine learning that uses neural networks with many layers to analyze complex patterns in large datasets, achieving high-level abstraction and predictive capabilities. Additionally, deep le...
	The figure 3 illustrates the key elements of neural networks and their training mechanisms. Neural networks consist of multiple layers of interconnected neurons, where each neuron processes a portion of the input data and passes it to the next layer. ...
	Figure 4 shows an example of the structure of a deep learning model, which is inspired by the way the human brain processes information. The power of deep learning lies in these hidden layers, which allow the model to learn complex relationships in th...
	Although deep learning’s integration into project management is still emerging, its potential applications are transforming the project lifecycle, that includes, according to the PMBOK® Guide (2021), planning, execution, monitoring, and closure phase...
	The literature review indicates that deep learning holds a transformative potential for project management, particularly in areas requiring predictive analytics and automation. While foundational studies provide a strong theoretical basis, there remai...
	3. Methods
	In this early phase of the study, an exploratory literature review methodology was employed to investigate the applications of deep learning in project management. This approach is particularly suitable for emerging fields where structured studies are...
	3.1 Research Approach
	A qualitative approach was adopted to review existing literature and identify trends, gaps, and applications of deep learning in project management.
	3.2 Framework for Analysis
	To systematically analyze the literature, the following framework was utilized:
	● Literature Trends: Summarizing key themes and recurring topics within the body of research.
	● Categorization: Grouping applications of deep learning across different project lifecycle stages.
	● Critical Analysis: Assessing the benefits, challenges, and practical implications of deep learning methods.
	● Identification of Research Gaps: Highlighting areas of insufficient understanding or underexplored applications to guide future studies.
	4. Data Collection
	A comprehensive search was conducted using high-impact academic databases, including Google Scholar and Scopus. Keywords such as “Deep Learning and Project Management,” “Artificial Intelligence and Project Management,” were used to guide the search. T...
	The following section presents the key findings from the literature review, offering an analysis of the applications of deep learning in project management, followed by a discussion of their implications.
	5.1 Key Themes in Literature
	In order to provide a comprehensive overview of the current landscape of deep learning in project management, a first review of literature was conducted. This review involved analyzing seminal works such as those by He and Xu (2016), and others, who e...
	The summary in Figure 5 highlights both the transformative potential of deep learning in enhancing decision-making, efficiency, and predictive capabilities, as well as the challenges related to data integrity, model transparency, ethical consideration...
	5.2 Deep Learning across a Project Lifecycle
	Deep learning has emerged as a transformative tool with applications across various phases of the project lifecycle, as demonstrated in Figure 6 below. Each phase can leverage the unique capabilities of deep learning, enhancing efficiency, accuracy, a...
	In this context, Nenni et al. (2024) discuss how AI-driven methodologies, including deep learning, can revolutionize project risk management throughout the project lifecycle.  Additionally, Uddin et al. (2024) provide a comprehensive survey of commonl...
	5.3 Deep Learning Capabilities Overview
	Expanding on the principles and techniques of deep learning discussed earlier, this section examines its capabilities in project management. The figure 7 below illustrates the various deep learning capabilities that can enhance project management proc...
	Deep learning also possesses other capabilities such as automatic feature extraction, handling large datasets, contextual understanding, and real-time processing, all of which contribute to its effectiveness in complex tasks like project management.
	5.4 Challenges in Applying Deep Learning to Project Management
	Despite its significant potential, deep learning faces several challenges that must be addressed for effective implementation in project management. While artificial intelligence enables project managers to improve decision-making and optimize project...
	Additionally, significant specialized skills are required, as project managers must possess a deep understanding of artificial intelligence techniques to effectively implement and manage these systems. Moreover, the computational resources needed to r...
	5.5 Key Knowledge Gaps Identified
	This section addresses the primary objective of this study by identifying two key knowledge gaps that will guide our future research directions.
	First Key Knowledge Gap: Studies focus on the technical aspects of implementing deep learning models, data and algorithm development, often overlooking human factors.
	The current literature predominantly focuses on the technical aspects of deep learning implementation, including model development, data management, and algorithm performance, while largely overlooking the role of human factors. Specifically, there is...
	Second Key Knowledge Gap: Deep learning's application across all project phases
	Despite the growing interest in artificial intelligence applications within project management, deep learning's role in the initiation and closure phases remains largely unexplored. As noted by the Journal of Project Management (2023), while AI has de...
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